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ABSTRACT
Large-scale Text-to-image Generation Models (LTGMs) (e.g., DALL-
E), self-supervised deep learning models trained on a huge dataset,
have demonstrated the capacity for generating high-quality open-
domain images from multi-modal input. Although they can even
produce anthropomorphized versions of objects and animals, com-
bine irrelevant concepts in reasonable ways, and give variation to
any user-provided images, we witnessed such rapid technological
advancement left many visual artists disoriented in leveraging LT-
GMs more actively in their creative works. Our goal in this work is
to understand how visual artists would adopt LTGMs to support
their creative works. To this end, we conducted an interview study
as well as a systematic literature review of 72 system/application
papers for a thorough examination. A total of 28 visual artists cover-
ing 35 distinct visual art domains acknowledged LTGMs’ versatile
roles with high usability to support creative works in automating
the creation process (i.e., automation), expanding their ideas (i.e.,
exploration), and facilitating or arbitrating in communication (i.e.,
mediation). We conclude by providing four design guidelines that
future researchers can refer to in making intelligent user interfaces
using LTGMs.
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1 INTRODUCTION
Large-scale Text-to-image Generation Models (LTGM) (e.g., DALL-
E [73, 74]) are AI models trained at scale (e.g., 250 million text-
images pairs for DALL-E) that show generalizable performance at
several downstream tasks such as image captioning and object de-
tection [9]. Compared to previous AI models, the biggest advantage
of LTGMs is that they can take multi-modal input, such as text or
image, to produce high-quality images in a zero-shot fashion [74].
For example, DALL-E even achieved high generation quality when
tested on MS-COCO dataset [51], although it was not contained
in the training labels [74]. Thanks to the advancement of LTGMs,
there exists multiple software to make artworks [36, 61, 64] called
AI art generator, which has drawn huge attention from various
visual art domains [42, 50, 58].

In the visual art domain, AI art generators have gained popularity
and found versatile usage. More and more visual artists expressed
their interests toward them on social media platforms. For example,
John Maeda, a former president at Rhode Island School of Design,
said LTGMs can become a tool to change the working paradigm
of visual artists by taking initiatives in producing art, even per-
forming better than humans [58]. However, we observed that rapid
technological improvements have left many visual artists perplexed
and disoriented to ponder on how to adopt LTGM actively to their
creative works. Moreover, while prior work has highlighted LT-
GMs’ technical properties such as prompt engineering [54, 72], yet
little research has explored the applicability of LTGMs in assisting
visual artists broadly. In this work, we seek to answer the following
research questions: 1) which subgroups of visual artists would be
more willing to use LTGMs? 2) what types of tasks would they
utilize LTGMs on? 3) what would the LTGM’s role be in those
cases?

We conducted a systematic literature review of 72 system and
application papers as well as a semi-structured interview with 28
visual artists in varying domains (e.g., fine art and applied art) to
find answers to the research questions. The interview study was
grounded in three meaningful themes (i.e., user, task, and role)
found in the literature review, and they were used to examine
the findings afterward. The study results showed that LTGMs can
perform diverse roles including 1) automating the creation process
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